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UYARL Bu belge, el yazisi ders notlarindan Clavde (Anthropic) yardimiyla dijitale aktarilmistir.
Yardimcl kaynak olarak hazirlanmistir; hata veya eksik igerebilir. Litfen orijinal notlar ve ders
kaynaklarini esas alin.

NOTICE This document was transcribed from handwritten lecture notes with the help of
Claude (Anthropic). It is meant as a supplementary resource and may contain errors or
omissions. Always check against the original notes and official course material.
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64 x 64 — MLP Multilayer Perceptron
4096'lik

featurein yerine hassas bir adirliklarmiz var
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— tUrev edge detection
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fully connected layer
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Feature extraction igin cok kullanilir
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Odaklanip isimize yarayacagimiz verilerin her seyi 2aten degil.

kernel size filtre sayisi
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(M feature extraction: Oznitelik cikarma
@ Ozniteliklerin konumlarindan bagimsiz

3 Less parameters
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Transfer (earning

Elimizdeki veriler ne kadar kaliteli ise o kadar kolay siniflandiricimiz olur.

Yolo feature extraction’| gok iyi yapiyor ve iyi pargalara ayiriyor
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Explainable AT
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time series prediction
Recurrent neural network (RNN)
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Vanishing Gradient

W, =y 7] 2okunamadii Exploding Gradient
sagdan sola, soldan sada mi sira da Snemli
TUrkgedeki ylklem,

Bidirectional mimavriler var

nlp
ses analizi
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Cell falan da var

Encoding

ham bir veriyi sayiya gevirmek

kedi: O
kopek: 1

One hot Encoding
RO &1 B2

® = [1,0,0]
G = [0,1,0]
8 =[0,0,1]

Ali topa at

— tokenization

Al/if [tofpa/ [at/.

g6zetimsiz olarak entropy kullandilar.
king — man = queen — woman

en basit sekilde nasil vektdre ceviririm
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TF-IDF

TE(E, d)
IDE(¢)
Term freq (TF)

bazi ¢ok kullanilan kelimeler var
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